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o Use Computer-Vision-based techniques to design systems
which can be applied in Virtual Reality(VR)

- RGB and Depth Sensors (RGB-D data)
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- Deep learning — Convolutional Neural Network (CNN)
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o Action Recognition
- Recognize activities of humans from a
sequence of video

o Gesture Recognition
- Recognize gestures from a sequence of video

o Human Hand Pose Estimation
- Detect the joints and skeleton of a human man
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Welcome to join us
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http://robotlab.csie.ntu.edu.tw/




